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Exploration and Practice of Curriculum Ideology and
Politics in Marine Engineering in Higher Vocational
Colleges
—Take the Course “Ship Main Propulsion

Power Plant” as an Example

SUN Hua—dong, TONG Yong—chen, FANG Feng, LI Yan

( Vocational Education Division, Qingdao Ocean Shipping Mariners College, Qingdao 266427, China)

Abstract: Summarizes the necessity of Ideology and Politics construction in Marine professional course in
higher vocational college, analyzes the main problems in Ideology and Politics construction in marine engineering.
With “ship main propulsion power device” course, for example, from the promotion team teachers' ideological
cognition and course education teaching ability, clear course ideological goals, deep mining the ideological
resources in the course, Optimize the course assessment, multi—-mode integration teaching method helps the
Ideology and Politics are discussed in the construction path of Curriculum Ideology and Politics

Keywords: Curriculum Ideology and Politics, higher vocational college, marine engineering, ship main

propulsion power plant

20
Text Data Governance Method based on Hierarchical
Feature and DPCNN

DING Xing—shuo, JU Tong
(The Center of Data&Information, Qingdao Ocean Shipping Mariners College, Qingdao266427, China)

Abstract: The data division of large—scale text is a key problem in data governance, but the traditional
Chinese document modeling method is easy to ignore the contextual semantic relationship and the hierarchical
structure of the document. To solve the above problems, a text data governance method based on hierarchical
characteristics and DPCNN is proposed. Firstly, the hierarchical feature information of text is extracted by
BERT model. Then the vector combined with the full text information is passed into DPCNN model, after passing
through the pyramid pooling layer; Finally, the data is divided through the full connection layer. This method can
effectively improve the prediction accuracy of sparse feature text data.

Keywords: data governance; hierarchical characteristics; BERT; DPCNN.
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